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Part1 Model description
Backibone — NAFNET
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Fig 1. Intra-block structure comparison
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Fig. 2: lllustration of (a) Channel Attention(CA),
(b) Simplified Channel Attention (SCA), and (c) Simple Gate (SG).
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Part1 Model description

NAFNET — Inference results




Part1 Model description
Postprocessing

- Linear Histogram Matching(LHM)
Hertzmann, Aaron. "Algorithms for Rendering in Artistic Styles.” Ph.D., New York University, 2001.
- Source : Result Image, Reference : Noisy Image(Input data)

- Adjust the brightness of result image



Part1 Model description

Inference results
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